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IDI disclaimer: Q_

Access to the é’sed in this study was provided by Stats NZ under conditions designed to give effect to
the securit, onfidentiality provisions of the Statistics Act 1975. The results presented in this study are
the wor e authors, not Stats NZ or individual data suppliers.

rastructure (IDI) which is carefully managed by Stats NZ. For more information about the IDI

W&sults are not official statistics. They have been created for research purposes from the Integrated
f
se visit https://www.stats.govt.nz/integrated-data/

Administration Act 1994 for statistical purposes. Any discussion of data limitations or weaknesses is in the
Q/ context of using the IDI for statistical purposes, and is not related to the data's ability to support Inland
Q Revenue's core operational requirements.

Q/ The results are based in part on tax data supplied by Inland Revenue to Stats NZ under the Tax
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1 Executive summary

The purpose of this report is to provide information to the Ministry of Social Development (MSD) about
long-term trends in benefit and public housing dynamics, offering insight into how the benefit and public
housing systems are changing over time. <>$

through, and out of the benefit and public housing systems, and their interactions across government
services. In this way, the Model estimates future service use for the population of New Zealand, based OQ/
past experience and future economic assumptions. A summary of the Model is set out in Appendix CQA
this report.

This report uses the Social Outcomes Model (the Model) to provide a view of how people move into, 6\,

The Model is developed inside the Stats NZ Integrated Data Infrastructure (IDI). The IDI is a | research
database which holds administrative data about people’s life events like education, incom efits,
migration, justice and health. The data comes from government agencies, Stats NZ surv@ and non-
government organisations, and is linked together and de-identified. Further inform&(ﬁl about the IDI can
be found on the Stats NZ website.

For this report, the Model takes data available up to 30 September 2021. In iryso, it builds on the

experience of people seen in the pre-COVID-19 period, as well as most o rst two years of the
pandemic. The future economic assumptions used in the Model are rovided by The Treasury in
their 2021 Half Year Economic and Fiscal Update (HYEFU 2021). ssumptions used in the Model are

set out in the 2021 Social Outcomes Modelling Technical Repor

Through the findings outlined in this report, the Model sh e future outcomes we may expect to see, if
current policy and social settings remain unchanged a @nomie forecasts hold true.

A glossary of terms and acronyms are set out in Apx A of this report.
ic

The outputs from the Model are not official statist
this report may not match to official figur@

, and due to the range of data used, the numbers in

Set out below are brief statistics of son&éey indings. A fuller description of these findings then follows.

&
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Key finding 1: Current clients are estimated to spend more time on a main benefit up to age
65 compared to the client population two years ago

Average estimated future years on main benefit
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JS-HCD %« 02019 estimates

The increase in
estimated time spent
on benefits is mainly
due to lower rates of
leaving benefit for JS-
WR and SPS clients
Over the period mid-
2017 to late 2019 the
quarterly rate of leaving
benefit reduced from
16.7% to 12.7% for JS-WR
clients and from 6.6% to
4.4% for SPS clients

This impact is greatest
on youth clients

In 2019, 25% of Y.
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26 future yea
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impact on estimated
future years on benefit
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Key finding 2: 55,000 current JS-WR clientS\gte estimated to spend more than 50% of their
future working-age lifetime (FWLT) o%m benefit
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There is a wide range of
benefit outcomes

24,000 current JS-WR
clients are estimated to
spend more than 90% of
their FWLT on a main
benefit. Another 24,000
are estimated to spend
less than 10% of their
FWLT on a main benefit

Many young clients are
estimated to spend
most of their FWLT on
a main benefit

Of the 55,000 JS-WR
clients estimated to
spend more than 50% of
their FWLT on a main
benefit, almost half of
them (24,000) are under
the age of 35
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Key finding 3: Main benefit clients earning part-time income are estimated to spend
materially less time on a main benefit in the future up to age 65 than those not earning
income

20

Average estimated future years on main benefit

JS-WR SPS

B Not earning income

Earning > $100 p.w.

Connection to the
labour market

Although the longer a
person is on main
benefits, the less likely
they are to exit,
maintaining some
connection to the labour
market through part-
time work is correlated
with lower estimated
future years on main
benefit

Difference in estimated %
future years on benefit \()
more than $100 pw on Q_%
average spend an Q/
estimated 3.6 fewefA

future years o ain
benefit:

15.5 yearsQ&a 9 years

quiva, JS-WR clients
l5362.9 fewer years on
fit (13.3 years vs.

SPS clients that earn

% 4 years)

Key finding 4: There is a risk of unemployment scarring c ?Qg%y the pandemic - 13,000

JS-WR clients who entered the system in the first half of

September 2021
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Distribution of estimated future years on main
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Pr 1@%?

ployment due to
\h demic labour
arket effects is likely
to have long-term
impacts on some
clients
Of the 77,000 clients who
entered the system and
started JS-WR in the first
half of 2020, about
13,000 remained on
main benefit at 30
September 2021

remamed on benefit at 30

Difference in estimated
future years on main
benefit up to age 65

Average estimated future
years on main benefit for
current JS-WR clients
who entered the system
in the first half of 2020 is
11.8 years

This is 2.8 years more
than for JS-WR clients
who entered the system
in the third quarter of
2021
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Key finding 5: There would be an estimated 14,400 fewer JS-WR clients by September 2026
if exit and re-entry rates returned to levels broadly consistent with pre-2017
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Key finding 6: Current public housing tenants are estié{%ﬁ to spend more time in public

housing compared to tenants two years ago

Average estimated future years in public housing

Register

In PH, Primary aged <65

In PH, Primary aged =65

Rest of population - AS

Rest of population - No
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T Qrease in

ated future time
ent in public housing

\/ is due to a lower rate of

tenants leaving public
housing

This is partly driven by
long-term compositional
trends:

= Increasing average IRRS
payments

= Increasing average age

* Increasing duration in
public housing

Difference in estimated
future years in public
housing

The average estimated
future years in public
housing increased by
2.4 years from 16.8 years
in 2019 to 19.2 years in
this report. At the same
time, the size of the
register has grown by
about 75%.
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2 Introduction

2.1 Guide to this report

The report covers core modelling results and output from alternative modelling scenarios, in a structure %
and format similar to last year's report. O

= Section 3 - Core modelling results - Benefit System - In this chapter we explore how the benefit syste %
has changed and how this impacts estimates of people's future outcomes. We consider the experien%z
of the system through five key gateways in, through and out of the system.

= Section 4 - Core modelling results - Public housing - In this chapter we explore how the publi€ housing
system has changed and how this impacts estimates of people's future outcomes.

= Section 5 - Alternative scenarios - Recognising the current uncertainty in the benefit s caused by
the pandemic, we report on results for three alternative scenarios where key model assumptions
are changed from the base modelling results reported on in sections 3 and 4. &’

A range of appendices are also included for reference. ?‘

Q

Status of this report
This is the seventh draft version of the report. It will be superseded &qubsequent drafts and the final

version of this report. ?“

The Social Outcomes Model is a mathematical model¢h@t estimates future outcomes at an individual level.
Key aspects of the model are:

2.2 The Social Outcomes Model

= The population being modelled - New Z ahgd (NZ) residents aged 16 and older, and people entering
this population over the next ten year %‘

=  The future outcomes that are bei godelled - including benefit receipt, public housing use, income,
justice activity, educational fac afid health outcomes. Fiscal costs of some outcomes are also
modelled. The time horizo which the future outcomes are being modelled - Every quarter for
people’s future lifetime.

= Assumptions — The @ﬁs underpinned by a range of assumptions which are either implied by the
construction and parameterisation of mathematical equations, or explicitly made. The derivation of
the mathemati@o_equations is informed by historical data. Explicit assumptions relate to variables that
the model deg€s hot estimate but are built into model because they are important for estimating future
outcome x@-_ Mhe future unemployment rate as a measure of future labour market conditions.

For ever\;@sident aged 16 and older, the model estimates a range of outcomes for every quarter over
people's future lifetimes. Estimated future years on main benefit refers to the future years on main
be person is estimated to have from their current age up to when they turn 65. Estimated average

years on main benefit refer to the average future years on main benefit a group of people are

é;limated to have from their current ages up to when they turn 65.

Qy}urther detail can be found in Appendix C. There is also a technical report covering the workings of the

\/ model.
&

Ministry of Social Development TAYLOR FRY 8
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3 Core modelling results — Benefit System

Key points from this chapter

= Analysis of key gateways in, through and out of the benefit system shows that entry rates increased Os
and exit rates decreased for most main benefit categories in the period before the pandemic - see \
Section 3.2.

= Pandemic aside, JS-WR, JS-HCD and SPS clients have become less likely to exit the benefit system. Q/z
This has been reflected in our modelling assumptions, resulting in: A

— Increased average estimated future years on main benefit e.g. SPS 12.5 years (2019) to 1%%&5
(2021) - see Table 3.1

— Increased range of estimated future years on main benefit within each main ben ulation
e.g. the upper quartile of YP/YPP clients are estimated to spend at least 34.3 years gn main benefit,
compared with 25.8 years from the 2019 modelling round - see Figure 3.6

— Inthe future, the JS-WR client population are estimated to be more heﬁg&ewed to long-
duration clients than pre-pandemic. The proportion with over one year of duration on main
benefit is estimated to be about 47% in 2031, compared to about 2021 - see Figures 3.2.

=  QOur analysis of change shows the significant increase in estimat age future years on main
benefit for current main benefit clients resulting from adjustments to modelling assumptions to
reflect pre-pandemic benefit system experience (entry and &ifrates) — see Section 3.6.

=  Modelling results for main benefit clients who are earnfng-itficome shows these clients are likely to
spend materially fewer estimated future years on @enefit than those not earning income e.g. for
SPS, averages of 11.9 years vs. 15.5 years — see Se % 3.3.2.

=  Expressing modelling results as the estimated@go ortion of future working-age lifetime on main
benefit, shows that about 40,000 JS-WR MPS clients who are less than 60-years-old are estimated
to spend over 90% of the future wor??—g lifetime on main benefit. Of these, about 37%, or 15,000

people, are less than 35-years-old - fee S€ction 3.4.
7/

2 4
In this chapter we analyse how t @sefit system has changed over the last two to three years and what
this might mean for peoples’ lo erm outcomes.

We describe: \gg/

=  How the benefit s population has changed through the COVID-19 pandemic (“pandemic”) and
how key rates annsition (or “gateways”) in, through and out of the benefit system have changed

= Theimpa ange on peoples’ long-term outcomes

=  How gstimdtes of peoples’ long-term outcomes vary for different population cohorts.

no , since early 2020 when the impact of the pandemic first emerged in the system. Also, broader
ying changes in the system were trending before the pandemic. These have combined to create a
ignificant impact on people’s estimated long-term outcomes and increasing variation between different

The S§St has seen significantly more change than at any other time in at least the last decade. Most

%%ohorts.

NG
&

31 Changes in the benefit system population

Figure 3.1 shows the impact of the pandemic, and associated labour market effects, on main benefit
counts, with the proportion receiving JS-WR increasing significantly from late 2019. Also note that:

Ministry of Social Development TAYLOR FRY 9
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The proportion of people receiving JS-WR was increasing before the pandemic. This mainly reflects
decreasing exit rates — see Section 3.2.1

While benefit grants increased significantly through the first year of the pandemic, benefit
cancellations also increased as some people were able to quickly find alternative employment

= The increase in the proportion of people receiving JS-HCD from late 2019 is partly due to new JS-HCD %
benefit grants and partly a flow-on effect of more JS-WR clients, some of which subsequently transfer \()
to JS-HCD

The number of people receiving Accommodation Supplement (AS) and hardship assistance also Q/Q
increased significantly through the first year of the pandemic. A

Figure 3.1 - Proportion of working-age population receiving main benefits at quarter end é

=
)0

4% \ &/
~ - &

‘ﬁ\--‘---_-—

mr A ST

«—A// - TN Nar -
-—
-_"
- - bl . %
2% k—~d—‘4—, -~- il S

< N —
2H222388383338 SJET 8 383 ¢
B EE S EERERSREREEXTEREERE
ﬂahwahﬂahwdhﬂthzh\ﬂzhﬂa
JWR JHD \S/PS > SLP
The dashed lines are estimates derived f; e modelling. These trend down to levels close to pre-

pandemic. Implicit in the modelling &,
consistent with Treasury forecasts
term value. Note that the numb
reflects about 5,000 clients wh

tions is that the effects of the pandemic diminish and,

nOmic factors, such as the unemployment rate, revert to a long-
SPS clients increases in the first quarter of the model estimates. This
re reclassified from JS-WR to SPS in November 2021.

The system inflows and s to Jobseeker Support over the last two years mean that the population
has changed significawt(‘s,1 articularly JS-WR. In Figures 3.2, we show how the JS-WR population has
changed over timthe charts extend to pre-Global Financial Crisis (“GFC”) to illustrate how, in some

ways, the chang%( e profile of the population through the pandemic is similar to the change through
the GFC. The @ include estimates from the modelling, highlighted in the darker shaded areas.

S
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Figures 3.2 - JS-WR clients (darker shaded areas show model estimates)

JS-WR clients by number of consecutive quarters JS-WR clients by age band
on benefit (duration)
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The key points to note about th %arts are that:

= The duration chart showsthe influx of new clients in the early part of the pandemic. As a proportion of
the whole populatio entrants have since reduced. The influx of JS-WR clients in 2020 flows into
higher duration bafids‘through the estimation period. This highlights that there is a group of people
who entered theyystem in 2020 who haven’t subsequently exited main benefit. By the end of 2025, the
modelling esfimates that there will still be a sizeable number of these clients in the system (as reflected
by the exdaid€d >20 quarters band). These clients may need support to reconnect with the labour
mark

. Als&)ore people who were on JS-WR prior to the pandemic flow into higher duration bands.
bined with the effect of new clients entering during the pandemic, the proportion of JS-WR
1lents with over 1 year duration is estimated to grow from about 40% pre-pandemic to a stable long-
% term level of about 47%. Most of this increase relates to JS-WR clients with over 5 years duration,
v which grows from about 5% to about 10%

(the early pandemic period aside). This increased trend is estimated to continue. By the end of 2030,
the modelling estimates that 49% of JS-WR will identify as Maori, compared to 35% in 2010 and 44% at
the end of September 2021.

Q/ = The proportion of JS-WR clients who identify as Maori has grown significantly over the last 10 years

Ministry of Social Development TAYLOR FRY 11
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3.2 Movements in, through and out of the benefit system

To describe how rates of movement in, through and out of the benefit system have changed, we focus on
five key system gateways. Collectively these gateways explain most of the change to the benefit system
over the last few years and the impact this has on our estimates of peoples’ long-term outcomes. The five
gateways are: Oi »
= Jobseeker Support and Sole Parent Support 6\.
— New clients receiving Jobseeker Support Qg-

— Exits from Jobseeker Support

— Exits from Sole Parent Support. Q&
= Health Condition and Disability benefits

— Transition of JS-WR clients to and from JS-HCD 02
— Transition to Supported Living Payment. &’

We express the gateways as rates. While counts are also useful to consider, rate, cgnlrol for the size of the

relevant population to give a clearer sense of relative change. For example, as th€ number of JS-WR clients
increased during the first year of the pandemic the count of exits also incr . However, the rate of exit

(count of exits divided by number of JS-WR clients) actually decreased, O

We show rates for historical data for the last 10 years (solid lines) @l most cases, estimates from the
modelling for the next 10 years (dashed lines). Rates have been %’ﬁally adjusted. In general (but not
exclusively), assumed long-term future rates have been set @s consistent with the period preceding
the pandemic (i.e. 2017 - 2019). Variation in the near fuég Pically reflects anticipated changes to

population profiles and/or the assumed rate of unemp nt.
COVID-19 effects x
The economic impacts of COVID-19 had lﬁ@ﬂble effects on the five benefit gateways from early 2020

onwards, reflecting quickly changing lab, arket conditions. While these are interesting effects in their
own right, we focus our commentary chn the trends evident before the pandemic. While we can’t be
certain, we believe these are more j ive of what rates are likely to revert to when COVID-19 effects
diminish. Where appropriate, erm residual pandemic effects have been built into the modelling

assumptions. Q/

3.2.1  Jobseeker S(ggo\rt and Sole Parent Support

New clients rece%% Jobseeker Support

Jobseeker S t is by far the most common entry point into receiving main benefits. 60%-80% of main
benefit re for Jobseeker Support, largely depending on the time of year. Hence, the rate at which
the working-age population enters this benefit category, and whether they are returning clients, is an
i nt measure for the benefit system as a whole. A small, sustained movement in the rate can make a
ifference to the size of the main benefit population, because the underlying working-age population is
ge (circa 3.3 million people).

Q/E Figures 3.3 shows entry rates to JS-WR and JS-HCD for:
0’ = Those who exited the system in the last 12 months i.e. recent exits

= The wider working-age population, including people who have never received a benefit in the past.

Ministry of Social Development TAYLOR FRY 12
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Figures 3.3 - Quarterly entry rates to JS-WR and JS-HCD

Entry rate to JS-WR - from those who exited the Entry rate to JS-WR - from the
system in the last 12 months wider working-age population
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The left-hand side charts shaw Qe-pandemie long-term trend of increasing rates of re-entry to
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Jobseeker Support for rec its. These are quite significant changes. For example, the JS-WR re-entry
rate increased from 5. te 2017 to 8.6% in late 2019. The low point for this rate is 4.0% in June 2013.
Re-entry rates naturally ary over time as the mix of clients (and hence clients exiting the system) changes.
However, this m%?mi trend represents a genuine change in the system.

e

Entry rates f wider working-age population also show increases from about mid-2017 - see the
right-handsside’charts. While these are not as large a percentage increase as for re-entry rates, the
underlyi opulation these apply to is much larger. Hence, small changes in these rates can have a large

impacton client numbers. About two-third of entries come from the wider working-age population.

@%s/from main benefits

While exits from main benefit do not necessarily indicate increased material wellbeing, they represent a
degree of financial independence, noting that many exiting clients continue to receive supplementary
benefits. Exit rates from work-obligated main benefit categories (JS-WR and some SPS clients) are a good
measure of the extent to which clients are achieving a degree of financial independence.

Figures 3.4 shows quarterly exit rates for JS-WR, JS-HCD and SPS.

Ministry of Social Development TAYLOR FRY 13
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Figures 3.4 — Quarterly exit rates from main benefit for JS and SPS clients
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Exit rates decreased significantly ﬂ@e e three key benefit categories in the period from mid-2017 to
is

late-2019 i.e. pre-pandemic. Ov@

period:

= JS-WR exit rates decre from 16.7% a quarter to 12.7%
=  SPS exit rates decr @rom 6.6% t0 4.6%

= JS-HCD exit raQ;decreased from 7.6% to 6.0%.

The extent to
proportion

exits are sustained is also important. Figures 3.3 give a strong sense of this. If the
ent exits that re-enter the system is increasing, as is the case, then this is evidence that
stainable than before. Note that other research shows that sustainability of exits to June
ed slightly for exits specifically into employment.!

vely these changes in entry and exit rates represent significant and sustained changes to the

m. Since the long-term modelling was first developed (2011), they are the largest we have observed.
ile we cannot be sure if the pandemic will have a long-term impact on entry and exit rates, it is likely
that the pre-pandemic trends we have highlighted will persist to some degree.

@l Accordingly, we have adjusted our modelling assumptions to reflect this experience.

Ministry of Social Development TAYLOR FRY 14
Social Outcomes Modelling - 2021 Results


https://msd.govt.nz/about-msd-and-our-work/publications-resources/research/benefit-system/people-who-went-off-the-benefit-in-year-ended-30-june-2020.html
https://msd.govt.nz/about-msd-and-our-work/publications-resources/research/benefit-system/people-who-went-off-the-benefit-in-year-ended-30-june-2020.html

IN-CONFIDENCE

3.2.2  Transition to high-duration benefits

Transition from JS-WR to JS-HCD and transition from any benefit to SLP reflect a reduced likelihood that
someone will be able to exit main benefits in the near future. These transitions stem from a client’s health
condition or disability status and at a system level are reasonable measures of worsening circumstances for

clients. %
O

Figures 3.5 shows the following transition rates: \
=  The rate at which JS-WR clients transition to and from JS-HCD Q-%
= The rate at which JS-WR, JS-HCD and SPS clients combined transition to SLP. AQ/
Figures 3.5 - Quarterly transition rates &
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transition rates show no discernible trend in the pre-pandemic period. However, rates dropped
ignificantly during the first year of the pandemic:

Q/ = This partly reflects lockdowns and people’s reduced capacity to consult with medical practitioners and

NG
&

obtain medical certificates

= Medical re-certification requirements for JS-HCD and SLP clients were suspended for a period of time.
This is evident in the right-hand side chart of Figures 3.5, where the transition rate from JS-HCD to JS-
WR decreases from about 4% to 1% in mid-2020. Now that medical re-certification requirements have
been re-instated, this rate is expected to revert to more normal levels.
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3.3 Future time receiving main benefits

The modelling produces estimates of each person’s use of benefits over their future lifetime up to age 65.
Each year we recalibrate the model to:
= Update the modelling population to the modelling date (30 September 2021) %

= Update assumptions:

— Economic assumptions underpinning the modelling e.g. inflation, wage growth and rental growth, C 7
These assumptions are typically taken from central estimates. 2

— Model assumptions determining the rates at which people are estimated to move into, thro gﬂ,&
and out of the benefit system, including the five key benefit gateways. ’{
Iée,

— Model assumptions determining estimates of other social outcomes e.g. public housi
income and use of mental health-related supports.

Section 3.2. Ordinarily, more weight is given to more recent experience. However, xpect most COVID-
19-related effects to be temporary. Hence, we have made assumptions about h ¢ COVID-19-related
effects will last. More detail can be found in the technical report?.

The updates to the model assumptions are informed by observed experience, such a?h@lustrated in

Table 3.1 shows estimates of average future years on main benefit up to @, by high-level benefit
segments, including segments for people not currently receiving a % efit. For clarity:
a

= NOMB - refers to people who are not receiving a main benefiv,u
benefit e.g. Accommodation Supplement (AS)

re receiving a supplementary

= Recent exits - refers to people who are not receiving &e’neﬁt, but have done in the year prior to 30
September 2021

= Longer exits - refers to people who are not re@g any benefit and didn’t in the year prior to 30
September 2021.

We show last year’s modelling results for c@%l/son, plus 2019 modelling results as a pre-COVID-19

baseline. C/
>
O‘<

2 Social Outcomes Modelling 2021 - Technical Report
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Table 3.1 - Summarised benefit system modelling results by high-level benefit category

Segment

Counts

Avg. future years on main benefit

2020

2019

2020 2021

Youth Benefit YP/YPP 2,061 2,265 2,136 16.4 19.1 20.8
Work Ready 87,420 147,726 121,941 10.5 1.3 1.7
Job Seeker HCD 68,304 77,898 84,693 11.0 11.9 11.8
R Sub Total 155,724 225,624 206,634 10.8 1.5 1\ V7

Sole Parent 61,512 67,563 73,737 12,5 s =

Support p
&>
Supported Living 100,758 101,439 101,514 12.3 1&“\ 12.7
N (
Sub Total 320,055 396,891 384,021/ 116 N/ 124 12.8
&’ N
Supplementary benefits only 107,853 127,164 123,525 <2.7' 3.0 3.4
A J
Recent Exits Benefit history within last year 97,743 98,859 145,041 % 5.5 6.0 5.9
I P\
A
Benefit history within 1-5 years 229,764 197,337 3,@ 2.7 3.3 3.1
Longer Exits No benefit history within last 5 years 2,400,420 2,465,148 ©2,4300810 0.8 1.0 1.0
2,630,184 2,662,485 \ 2624,178 1.0 1.1 1.2
Y

between the 2019 and 2021 modelling rounds, inclug

3,155,835

3,285,392

3,276,765

= Youth Benefit increasing by 4.4 years (or 27%)%{20.8 years

= SPSincreasing by 3.0 years (or 26%) tq.l
= JS-WRincreasing by 1.2 years (or ]%

SPS and Youth Benefit because

ears

dge future years on main benefit up to age 65

11.7 years - The average has not increased by as much as for

people who wouldn’t usually need to enter the benefit system

have entered through the p mic, resulting in lower estimates than if the client mix had been more

typical.

= People currently onlz?%&ving supplementary benefits increasing by 0.7 years (or 26%) to 3.4 years.

Most of the change in
that reflect experng, In particular:

= Decreaseb%fnption for JS-WR exit rates
= Decr %assumption for SPS exit rates.
i;

In practical' terms, this means people are estimated to spend more time before they turn 65 receiving main
b @ﬁnancial support. Compared to the 2019 modelling round, the long-term fiscal cost of providing
(% people with that support is estimated to increase by more than average future years on main benefit.
is reflects ad-hoc increases to benefits in the last two years. A further increase is effective from 1 April
2022 (in addition to indexation increases) to bring rates into line with the recommendations of the 2019

Welfare Expert Advisory Group.

ge future years on main benefit stems from changes to the model assumptions

Year-on-year change in estimated future years on main benefit is analysed and reconciled in Section 3.6.

3.3.1 Distribution of estimated future outcomes

Figure 3.6 shows the same modelling results as Table 3.1, with some parameters that describe the

distribution of estimated future years on main benefit.
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The bars represent mean averages consistent with Table 3.1. The black lines represent the interquartile

range. If all people in each cohort were lined up in order of their estimated future years on main benefits or

estimated future years in public housing, the interquartile range represents the quarter and three-quarter

points on that line. The median is the half-way point and marked somewhere along each black line e.g. for

JS-WR clients the 2021 estimates show an interquartile range from 2.5 years to 18.25 years. Another way to

express this is that the model estimates that 25% of JS-WR clients will spend less than 2.5 future years on O$

main benefit and 25% will spend more than 18.25 future years on main benefit before turning 65. .\
This gives us useful information about the distribution of estimated outcomes within each category. Q_@
Note some points of interpretation about the interquartile ranges: Q/

= Inevery case, the median average is lower than the mean average. This highlights that in eacwegory
there is a concentration of people with high future estimated years on main benefit.

= For some categories, parts of the interquartile range are not visible e.g. Exit<lyr ago. Thi ?Because
over 25% of people in these categories have 0 estimated future years on main benefi ce, the

starting point of the interquartile range is 0.

Figure 3.6 - Average future years on main benefit up to age 65 by high-level be% thegory

0 5 10 15 20 40
lA\
YP/YPP : 3 ! =
JS-WR ; .' = — v
JS-HCD _ = — Q_é
. 2021
SPS ; . = P
; I T AN SN— 2020
02019
SLP -

Supp. Only % C/xvv

Exit <1yr ago l t — »
== O2

Exit =3yrs ago or never %%%

Exit 1-5yrs ago

For most categoriegiwe can infer that a large part of the year-on-year increase in estimated average future
years on main b&s due to a greater distributional skew towards people with high estimated future

years on mai@‘n fit (because the upper end of the interquartile ranges increased in absolute terms more
than thel nd). This implies greater disparity within categories and, to some extent, between groups.

As an ex le, the increase is pronounced for YP/YPP clients. 25% of YP/YPP clients are estimated to
sp ore than 34.25 future years on main benefit, compared to an estimated 25.75 years in the 2019
ing round. This same group are estimated to receive at least $962k in future benefit payments, while

?‘ top 25% in the 2019 modelling round were estimated to receive at least $555k.
N

ote also that the lower quartile has increased significantly in relative terms, from 4.8 years in 2019 to 6.8
years in 2021. This highlights that the increases to estimated future years on main benefit affects most
YP/YPP clients.

SPS clients also stand out, with the upper-quartile point increasing from 19.0 years to 23.5 years over the
two-year period.

The disparity between people less likely to find employment and other main benefit clients, or the wider
population, has grown.
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3.3.2  Main benefit clients working part-time

In Figure 3.7 and Figure 3.8 we show how estimates of future years on main benefit differ for JS-WR and
SPS clients who don’t earn any income compared to those who earn more than $100 per week. The groups
who don’t earn income have been weighted to be demographically equivalent® to the groups earning more

than $100 per week. ()%

The results show that those earning more than $§100 per week are, on average, estimated to spend fewer \
future years on main benefit. In particular, SPS clients earning more than $100 per week are 2.8 times

more likely to spend less than a year on main benefit in the future (equivalently 1.9 times more likely for

JS-WR clients). AQ/

While the relationship between income while on main benefit and future main benefit receipt is ry&
necessarily causal, it is plausible that maintaining a connection to the labour market has a posit pact
on future employment prospects. Supporting and encouraging part-time work while on maj efit is

likely to be beneficial for material wellbeing in the short term and for longer-term emplo prospects.

Figure 3.7 - Distribution of estimated future years on main benefit up to age 65 - ]S&Kc ients

25% : f ?Q b | i

to age 65

Not ear\@ income 13.3 years
$~ > $100 p.w. 10.4 years

20%

15%

10%
5%
0

20-29 30-39 =40

ES

B Not earning mch\l Earning > $100 p.w.

3 In their distributions of people across ages, genders, and prioritised ethnic groups.
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Figure 3.8 — Distribution of estimated future years on main benefit up to age 65 — SPS clients
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3.3.3  Clients who entered the system at the start of the pan %

In Section 3.1, we highlighted the influx of clients into the benefit sy@&at the start of the pandemic and
how many of these people remain in the system and may benefit upport to reconnect with the
labour market.

on main benefit at 30 September 2021. The modelling that the longer a person remains on main

Of the 77,000 clients who entered the system into ]S—\Agg: e first half of 2020, about 13,000 remained
benefit, the less likely they are to exit in the future.
Figure 3.9 shows estimated average future years o%hain benefit for:

= Cohort A - Clients who entered the sy. K to JS-WR in the first half of 2020 and remained on
benefit to 30 September 2021

= Cohort B - Clients who entere stem into JS-WR in the quarter to 30 September 2021, weighted
to be demographically equiy, o cohort A.

Cohort A is much more likely to Spend a prolonged period on main benefit and much less likely to spend
less than one year on ma% fit in the future.
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Figure 3.9 - Distribution of estimated future years on main benefit up to age 65
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During the GFC, we saw a similar group to Cohort A who experienced sorr@gree of unemployment
scarring* that wouldn’t have otherwise occurred. The modelling clear@onstrates a correlation
between time on benefit and future time on benefit. Arguably the ri;g e greater for this pandemic-
related cohort, because the pandemic has concentrated effects on?gt in industries and regions.

3.4  Further distributional detail - Estir@ﬁ future years on main benefit
before age 65 <(

Estimated future time on main benefits is usually é&ned as a simple time measure, like that in Table 3.1
and Figure 3.6. This is a useful approach for nying future main benefit receipt. However, comparing
different cohorts on this basis is not strai K&%Vvard because they differ in age distribution and hence the
potential future time period that they @ eceive a main benefit i.e. to age 65.

In this section, we express future %ﬁ receipt as a proportion of future lifetime up to age 65 and show
the distribution of this measure@ ey benefit categories - See Figures 3.10. Note that the y-axis scales

differ for each chart.

Each bar has been split 'Q‘{gﬂr age bands. For the purposes of this analysis, we have excluded people
aged over 60, since thefnare close to retirement age and so have a relatively high likelihood of remaining on
main benefit until @'point. Including them would skew the analysis.

4 Unemployment scarring refers to the notion that experiencing unemployment (particularly if sustained)
increases the probability of a person being unemployed in the future and having lower prospective earnings.
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Figures 3.10 - Distribution of proportion of future lifetime up to age 65 on main benefit - main benefit
categories
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This measur % different perspective on the benefit system population:

= Arel % high proportion of clients are currently estimated to spend the vast majority (over 90%) of
the before they reach 65 on main benefit. This includes benefit categories with work obligations.
tal, 167,000 current clients are estimated to spend over 90% of their future lifetime up to age 65
9 main benefit, including 73,000 current SLP clients.

v 65% of main benefit clients are estimated to spend at least 50% of their future lifetime up to age 65 on
main benefit (57% if we exclude SLP clients)

@l = For non-health related benefit categories, the distribution of the proportion of future lifetime up to
Q- age 65 on main benefit is reasonably well spread, with larger groupings at ‘0-10%’ and ‘90%-100%’.

= Nearly 50% of current JS-HCD clients are estimated to spend over 90% of their future lifetime up to
age 65 on main benefit. Many in this group may transfer to SLP at some point.
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= While, in general, older age bands are more likely to spend a high proportion of their future lifetime up
to age 65 on main benefits, there are many young clients (in all benefit categories) who are estimated
to spend more than half on main benefits. For example, 46% of JS-WR clients and 56% of SPS clients
are estimated to spend more than 50% of their future lifetime up to age 65 on main benefits are under

the age of 35. s
= ForJS-WR and SPS, variation within client populations is at least as large as the variation between O
client population averages and averages for the wider population not on main benefit. %\
We have also considered how those who are estimated to spend a reasonably large proportion of their Q—

future lifetime up to age 65 on main benefit compare to their peers in respect of other outcomes. We @/
this for JS-WR clients in Figures 3.11, comparing:

= Cohort A - People who are not currently receiving a benefit, weighted to be demographical &
equivalent? to cohort C

= Cohort B - JS-WR clients who will spend less than 25% of their future lifetime up to @ on main
benefit, weighted to be demographically equivalent® to cohort C &,

= Cohort C - JS-WR clients who will spend more than 25% of their future lifetin@ to age 65 on main
benefit

Figures 3.11 — Average proportion of the next 10 years accessing differeltj%ces
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* Or to age 65 if earlier, in the case of receiving a main benefit
** Mental health and addiction service events as defined by the Social Wellbeing Agency (excluding potential pharmaceuticals)
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The key message is that use of other services is correlated with main benefit receipt and vulnerabilities
extend to related wellbeing domains such as health and housing.

3.5 Other social outcomes

Figure 3.12 to Figure 3.18 show a range of other modelling results for a range of social outcomes, including O E
measures for:

=  Public housing use Q/Q-%

= Earnedincome A
= Being proceeded against by Police Q&

= Use of mental health-related supports

= Enrolment in tertiary education. QQ
/

Yo/¥PP q
JSWR T —— &\

JS-HCD

SPS

SLP —/—/——— P

02020

Exit <lyr ago —\E 02019

Exit =3yrs ago or never ; %O
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Figure 3.13 — Average future years in public housing by high-level benefit category — Currently in public
housing
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Figure 3.14 - Average future years in public housing by high—leveVp fit category — Not currently in
public housing
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N%@roximately 14% of main benefit clients are in public housing
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Figure 3.15 — Average proportion of future lifetime to age 65 estimated to be earning below income
threshold™*
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* Threshold = Earning the equivalent of at least 40 hours per week at the minimum wa; créased with average wage growth).
Figure 3.16 - Proportion of people estimated to be proceeded t by the police in the next 10 years
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Figure 3.17 - Proportion of people estimated to access mental health-related supports* in the next 10 years
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* Mental health and addiction service events as defined by the Social Wellbeing Agency (e: @potential pharmaceuticals)

Figure 3.18 — Proportion of people estimated to be enrolled in te t?y education in the next 10 years
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* TerQedueation = Education at a Tertiary Education Organisation or Industry Training Organisation

;0n-year changes in these charts are more muted than for estimated future years on main benefit.
wever, there are some key points to draw from these charts:

= The high future use of mental health-related supports by main benefit clients compared to the rest of
the population. The modelling also shows that their interactions will be more skewed towards
specialist services (i.e. outpatient and inpatient specialist services).

= The proportion of people estimated to have a police proceeding against them in the next 10 years has
decreased for most categories, with a few seeing marginal increases. This reflects a general decrease in
police proceedings following the Policing Excellence programme introduced in 2009, which saw a
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transfer in policing activities from reactive to preventative policing. This continues to flow through
into the modelling output as fewer and fewer people have been proceeded against by the police.

Average estimated future time in public housing has increased across most categories. This is
principally for people currently in public housing.

We describe the detail of this analysis in Section 3.6.2 and summarise the key points in Section 3.6.1. A

3.6.1  Analysis of change — summary of key points &

have in the prior 12 months) has increased by 5.2% from 5.88 million years in 2020 t million

The total estimated future years on main benefits up to age 65 for people receiving a be k’tor who
years in 2021. There were two key factors driving this result: &

/
— Animproved economic forecast (HYEFU 21) resulting in a reduction of O@ illion years

— Changed rates of benefit transition (especially reduced rates of benefit Ql’t) pre-pandemic
reflected in the modelling assumptions resulting in an increase of &million years

So, the impact of the reduced rates of benefit exit on total years is&@/\rhat masked by the improved
economic forecast.

For all benefit categories, the impact of changed rates of b@ransition pre-pandemic is far greater
than the overall increase in average estimated future y main benefit. For example, the average
estimated future years on main benefit up to age 65 fi WR clients has increased by 0.4 years from
11.3 years to 11.7 years, whereas changed rates of, l% transition increased the average by 1.2 years.
This is important because the factors that cou ance the 1.2 years (e.g. improved economic
forecast, changed client mix) could unwind going forward, and the overall JS-WR client average

increase above 11.7 years. \/
%@Eu

Most of the increase in average esti ture years on main benefit up to age 65 for JS-WR clients
related to clients who started thej I.gtrént main benefit spell less than seven quarters prior. The
average estimated future year @in benefit up to age 65 for these clients increased by 1.3 years
from 9.8 years to 11.1 years ﬁpared to 0.1 years from 13.3 to 13.4 years for longer-term JS-WR
clients). Their future employsdent prospects have been impacted by long-term unemployment
through the pandem&jﬂd.

3.6.2 Analysigef change - detail

&

%,
N/
O

Changes in n@ng results over time can stem from a range of factors including:

Chan, % e population being modelled — As time passes, the population naturally changes. This
can@ a significant effect on modelling results, as it has done through the pandemic.

@lates to model assumptions — These might be assumptions for factors external to the benefit system
ch as the unemployment rate), or assumptions reflecting the behaviour of people and their
interactions with various government services. Changes to the population being modelled and updates
to model assumptions are often related e.g. the behaviour of people (which informs model
assumptions) influences the size and mix of characteristics of the benefit system population.

Modelling methodology changes — Sometimes changes are made to the modelling methodology e.g. to
accommodate new outcomes to be estimated. Typically, these have little impact at total population
level, but they can have significant impacts at cohort level. This year there have been no material
modelling methodology changes.
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Understanding the contributions of these factors to changes in modelling results helps us understand the

extent to which:

» Change was expected or unexpected — Some year-on-year change is expected, particularly as the
model estimates move along the unemployment rate assumption curve and the modelling population

naturally evolves.

= Change related to factors that MSD can or can’t influence — For example, MSD has limited influence
over labour market conditions, but may be able to influence peoples’ employment prospects.

‘9\0$

In this section, we show an analysis of change, to break the change in modelling results down into these%%

factors.

3

The analysis of change can be performed for any cohort of people, for any outcome estimated by, tite model
and over any future time horizon. We show four core sets of analysis:

Table 3.2 — Sets of analysis of change

&

N
Set Population Outcome ,&’ Time horizon

1 All people receiving a benefit at 30 Total future years recej Sﬂ.g/ Future lifetime
September or who have in the prior 12 a main benefit : up to age 65
months %

2 For populations in each main benefit Average fu@rs Future lifetime
category at 30 September receiving in benefit up to age 65

3 People receiving JS-WR at 30 September Aver Eure years Future lifetime
who started their current main benefit recQ.in a main benefit up to age 65
spell less than seven quarters ago i.e. O
mainly since the start of the pandemic Q

4 People receiving JS-WR at 30 Septem@Average future years Future lifetime

who started their current main benefit

spell more than or equal to se;§*
c

quarters agoi.e. all pre—pe}nqe

receiving a main benefit

up to age 65

Set 1is a system-level view frame
analysis of change was reporte

Set 2 is mainly covered in A@ndix B.

Sets 3 and 4 focus on t&
pandemic - JS-WR. Sets

before or aftert
in modelling ¢

17 and prior.

Figure 3.
‘waterfall’

t

@ble 3.3 - Description of analysis of change stages

lkj an ‘at-risk’ population definition. It is analogous to the way

nefit category that has seen the most amount of population change through the
and 4 split JS-WR between those who started their current main benefit spell
0f 2020. This helps demonstrate the impact of the pandemic and how the change
differs significantly for these two cohorts.

gure 3.22 show the analysis of change for these sets in a consistent format. These

arts show the 2020 and 2021 results at either end in grey and the contributions to the change
fromrdifferent factors of change (increases in blue and decreases in red). Table 3.3 describes what each of
l&tors of change mean and whether they represent expected or unexpected changes.

Expected or
unexpected change

Qg/ Stage of analysis Commentary

1. 2020 result The 2020 modelling results as at 30 September 2020, N/A
based on the population and modelling assumptions set at
that point i.e. the results disclosed in last year’s report.
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Expected or
Stage of analysis Commentary unexpected change

2. Useactual Stage 1 results, restated to replace economic assumptions Unexpected
economics for the period from 30 September 2020 to 30 September %
2021 with actual economic outcomes e.g. unemployment O

rate, inflation rate. C\

The difference between stage 1 and 2 shows the impact on
results from the difference between using actual economic AQ/
inputs for the year to 30 September 2021 and using what we

assumed for the 2020 results. Q&

3. Rollforward  The roll forward stage uses the stage 2 results to show Expectqy
what we expected the results to be as at 30 September 2021
based on the 2020 model and 30 September 2020 ,O
population (and actual economics over the year to 30 &
September 2021). It incorporates: ?‘Q

= Expected changes to the client cohort (entries, e&
transfers etc)

=  Expected outcomes over the year to 30 Seg(e})ber
2021

= Other expected changes with resp@%eople’s

circumstances e.g. ageing

= Change implied by the mo om actual economics
over the year to 30 Sept 2021.

The difference between stage 2 and 3 shows how we expected
the results to change frompmoving ahead in time by one year

to 30 September 206
4. Update client Stage 3 resu %th the actual population as at 30 Unexpected
cohort Septemb 1.

The difference between stage 3 and stage 4 shows the impact
0 s from the difference between the actual population
d%( hat we expected the population to be as at 30 September
021. The difference in population reflects how experience
over the year differed to that represented by the 2020
modelling assumptions (allowing for actual economic

% conditions during the year).

5. date future Stage 4 results with updated economic assumptions for the Unexpected
onomics period from 30 September 2021.

The difference between stage 4 and stage 5 shows the impact
Qj of updating economic assumptions from the 2020 results for

0/ the period from 30 September 2021
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Expected or
Stage of analysis Commentary unexpected change

6. Recognition Stage 5 results with updated modelling assumptions (entry =~ Unexpected

of experience rates, exit rates etc). %

The difference between stage 5 and stage 6 shows the impact \
from adjusting modelling assumptions to reflect how an @
additional year of data informs our view of the future Qg-

7. 2021 result No changes from stage 6. N/A P

Set 1 defines a population of people receiving a benefit or who are close to the benefit s Where
‘close’ is defined as people who are not currently receiving a benefit but have done afsom¥ point in the
year prior. It reconciles the total estimated future years on main benefit for this pgu tion from the 2020

Q N
Set 1 - All people receiving a benefit at 30 September 2021 or who have done in the 12 mont; ?ior

and 2021 modelling results. This gives a high-level view of system change, and tent to which people
currently in or near the benefit system are estimated to spend more or less %e n benefit in the future.

We have also noted the count of people in the population and the estims @ verage future time on main
benefit at each modelling date. This allows us to see how much of thg'ihct€ase in total years related to an
increase in people and how much relates to an increase in averagefuttire time on main benefit.

people receiving a benefit at 30 September or who have i

Figure 3.19 - 2020/2021 analysis of change — Set 1 — Total fi %ars on main benefit up to age 65 - All
&prior 12 months

6,300
6,200
6,100
6,000

5,900

5,800 Q-&
5,700 QQ,

5'%s 5,878k
‘QSOO
% Count: 623k Count: 653k

=

Q
v = 5400 Aveyrs: 9.4 Ave yrs: 9.5

6,183k

e Years on Main Benefit (thousands of years)

AV 5,300
Q_% 2020 result Useactual  Roll forward Update client Update Recognition of 2021 result
economics cohort economics experience

The key steps of the analysis to highlight are:
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= Update client cohort +90,000 years - This primarily relates to the population being larger than
anticipated in the prior steps of the analysis. This was mainly SPS clients, for whom there was a
significant increase over the year that was mainly driven by lower than estimated exit rates (there were
also circa 5,000 clients who were reclassified from JS-WR to SPS in November 2021).

= Update economics -230,000 years — This reflects a more favourable economic forecast for the 2021 %
modelling compared to the 2020 modelling O

= Recognition of experience +547,000 years — This is the most important step. Not just because it is the %\
largest in magnitude, but because it reflects the long-term effect of accommodating pre-pandemic Qg-

transition rate experience into the modelling assumptions. This mainly relates to: A
— Assumed lower rates of exit for JS-WR clients &
— Assumed lower rates of exit for SPS clients Q
— Assumed higher rates of entry to JS-WR. Q~?~
Q
Set 2 - Populations in each benefit category at 30 September &,

Set 2 contains subsets of set 1 for populations in each benefit category at 30 Sepébér. We show the chart
for JS-WR clients in Figure 3.20, with the rest consigned to Appendix B.

This analysis considers average rather than total future years. The key
set 1is that the ‘update client cohort’ represents a reduction. So, whi oted in respect of set 1 that
there were more JS-WR clients than anticipated, the analysis shows tiat the mix of characteristics of JS-
WR clients in 2021 (compared to 2020) imply lower expectatio future main benefit receipt. However,
the ‘recognition of experience’ step more than counterbala is effect and is driven by assumed lower
rates of exit and higher rates of entry. Q-

nce compared to analysis for

While there are some differences in the analysis for o benefit categories shown in Appendix B, the
increase in average estimated future years on mai fit from the ‘Recognition of experience’ step is the
most prominent difference in all cases. This is drivel by assumed changes to JS-WR exit and entry rates.

Figure 3.20 — 2020/2021 analysis of chan, et 2 — Average future years on main benefit up to age 65 -
JS-WR clients at 30 September x
12.0

(Oo(<
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=
=
o

=
=
S

—
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—
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e Future Years on Main Benefit

5

9.8
2020 result Useactual  Roll forward Update client Update Recognitionof 2021 result
economics cohort economics experience
Ministry of Social Development TAYLOR FRY 33

Social Outcomes Modelling - 2021 Results



IN-CONFIDENCE

Sets 3 and 4 - People receiving JS-WR at 30 September who started their current main benefit spell more
or less than seven quarters prior

Effects of the pandemic on the benefit system started materialising from about the start of 2020. The
abnormal effect of the pandemic on the labour market meant that the people entering the system into JS-
WR in 2020 had different characteristics to short duration JS-WR clients in the system before 2020. %

Consequently, we have split the JS-WR population in sets 3 and 4 based on whether they started the \
current main benefit spell more or less than seven quarters prior to each 30 September modelling date. %
That way we separate change for: Q_

= Shorter-term JS-WR clients, many of whom started their current main benefit spell after the pande g’
started and, for some, whose entry to the system was a consequence of the pandemic.

= Longer-term JS-WR clients who started their current main benefit spell before the pande &This
enables us to isolate change for the subset of clients whose entry to the system was no@ sequence

of the pandemic. Q
This is shown in Figure 3.21 and Figure 3.22. &’
Overall, we see that average estimated future years on main benefit has increasgd sighificantly more for JS-

WR clients on main benefit for less than seven quarters. This difference stems alfnost entirely from the
difference in the roll-forward step, +1.16 years for JS-WR clients on main %ﬁt for less than seven
quarters and -0.01 years for longer-term JS-WR clients. This is conse of the large influx of clients in
2020. As at the 2020 projection date (30 September 2020), the influweights the group who started their

benefit spell less than seven quarters prior (i.e. after 31 Decembe ) towards short-term clients.
Rolling forward to 30 September 2021, the equivalent group rted their benefit spell less than seven

quarters prior (i.e. after 31 December 2019) has a much hig erage duration of benefit. This results in
higher estimates of future years on main benefit for thi .

Again, we see the impact of changes to assumed JS- it and entry rates in the ‘Recognition of
experience’ step. x

Figure 3.21 - 2020/2021 analysis of change —?\‘(— Average future years on main benefit up to age 65 -
People receiving JS-WR at 30 Septembex@ tarted their current main benefit spell less than seven

quarters prior \
115 QQ
O
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Figure 3.22 - 2020/2021 analysis of change - Set 4 — Average future years on main benefit up to age 65 -
People receiving JS-WR at 30 September who started their current main benefit spell more than or equal to
seven quarters prior
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4 Core modelling results — Public housing

Key points from this chapter
=  Average, estimated future years in public housing continued to increase for people in public housing:

— Ongoing increases were anticipated when we performed modelling in 2020, as it was expected that

continue. These factors did not increase as much as anticipated.

— The main modelling factor driving the increase in estimated future years in public housinwkx
decrease in assumed future exit rates, reflecting observed experience. %

= Average estimated future years in public housing has not increased by as much for people he
public housing register. The main reason for this is that the estimated time on the p using

register (and hence not in public housing) has increased. N

= Pressure remains on the system with fewer people exiting public housing, antl& e people needing
housing support outweighing increases in public housing stock. Pressure v% ain, without change
in one or more of these three factors.
f'\s

In this chapter we analyse how the public housing system has chang,@y\e{ the last two to three years and
what this means for peoples’ long-term outcomes.

We describe: &

=  How the population of people in public housing or ir@%egister has changed through the COVID-19
pandemic (“pandemic”) and how key rates of tra @ (or “gateways”) in, through and out of the
public housing have changed é

= The impact of change on peoples’ long—terKo/utcomes

= How estimates of peoples’ long-term Mes vary for different population cohorts.

4.1 Changes in the pulld housing population

Given the constrained suppl o@blic housing, and slow rate of movement in and out, the system does
not exhibit the same degr hange as the benefit system. Nevertheless, underpinning the system, are
changes affecting the K ge of housing-related supports including:

= Public housin@l the public housing register

= Transitio sing

= Acc odation Supplement and Temporary Additional Support.
vely these changes highlight a significant increase in demand for housing supports:

CQ A 76% increase in quarterly expenditure on housing supports in the last four years, from $563.4m in

Qy“ the quarter to 30 September 20175, to $991.5m in the quarter to 30 September 2021°. This represents

an annualised average growth rate of 15.2% p.a.

> https://www.msd.govt.nz/documents/about-msd-and-our-work/work-programmes/social-housing/housing-
quarterly-report-sep-2017-00.pdf

¢ https://www.hud.govt.nz/assets/Uploads/Documents/Public-housing-quarterly-report-September-2021.pdf

Ministry of Social Development TAYLOR FRY 36
Social Outcomes Modelling - 2021 Results

O%

long-term increasing trends in IRRS payment, tenant age and time spent in public housing would Q9



IN-CONFIDENCE

A 420% increase in the public housing register over the last four years from 5,844 households at 30
September 2017, to 24,546 households at 30 September 2021.

Figure 4.1 - Housing support and the public housing register

Total quarterly housing support Public housing register (exc. transfer register) O$

§1,200

30,000 6\‘
$1,000 25,000 Q-

$8300 = 20,000 AQ/
(=]
£ $600 g 15,000 &
, =)
$400 2 10,000 Q
$200 5,000 ?*
$0 0
S 5% 39 288 & d mnzemms@mam
5§ 3 3 3558 58 8 totpupieeYigigd
5 & 2 &8 3 &8 2 & 2 & aé:éa&z&:éaéaéa

There have also been significant changes in the profile of households on thepublic housing register,
including: é

= Anincreasing proportion assessed as priority A, from 69% at 39{& ber 2017 to 92% at 30
September 2021. This represents an increase of approximatel§8~, 00 priority A households on the

register. ?
= A higher proportion of households on the register re u@ag

a one-bedroom dwelling - from 45% at 30
September 2017 to 48% at 30 September 2021. As a ember 2021, 13.5% of Kainga Ora’s housing

stock is one-bedroom. The sizing mismatch bet public housing stock and the reported needs of
households on the register has increased. &

We also show the pattern of public housing application scores over time in Figure 4.2. Public housing
applications are scored in five domains:

Affordability - Whether the hous &kan afford to rent suitable housing privately.

= Suitability - Whether the hou d’s current property is safe and suitable for their medical or

physical needs. O
= Adequacy - Whether usehold’s current situation is adequate (property’s physical condition,
facilities etc).

size, access to basi
= Accessibility — oﬁifﬁcult it is to find a private rental that meets the household’s needs.
= Sustainat@ether the household could manage long term in a private rental.
Scores @ for Auckland, though the patterns are very similar outside of Auckland. The higher the
score t igher the assessed need.

Ing -@ al, there has a been a long-term drift upwards in scores, consistent with the increasing proportion
‘@’l seholds on the register that are priority A. Though it may also partly reflect changes to the
essment process to better recognise the circumstances of people who are homeless, in emergency
ousing, have multiple and complex needs and/or are experiencing family violence.

V
Qg’
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Figure 4.2 — Average SAS domain scores by applications in each quarter — Auckland
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Note: Changes were made to the assessment process in 2016/17 with specific impacts on d&gﬂcy and Suitability scores
We have a continuation of trends in relation to the profile of tl@ ic housing population. Specifically:
have

= Increasing average duration — About half of adult tenarQ_ been in public housing for at least 10

years. This is estimated to increase to 60% by 2031.

= A gradual aging of the adult tenant population - in six are aged over 65. This is estimated to
increase to one in five by 2031. x

= Increasing IRRS - This is to be expected eret rents (and incomes) rise. By 2031, we estimate that
IRRS will be greater than $500 per wedé&’one in six households compared with about one in thirty-

five households currently. C/
&>
O

&
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Figure 4.3 — Public housing profile (darker shaded areas show model estimates)

Public housing profile by number of consecutive Public housing profile by age band
quarters in public housing (duration)
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4.2  Move r,ltgin, through and out of the public housing system

s of movement in, through and out of the public housing system have changed, we
system gateways. Collectively these gateways explain most of the change to the public
over the last few years and the impact this has on our estimates of peoples’ long-term
he five gateways are:

. @N households on the public housing register
69 New clients receiving AS

Qy: Households housed from the register

NG
&

* Primary tenant exit rate - Under 65s
= Primary tenant exit rate — Over 65s.

We express the gateways as rates. If sustained, a change in rates can have significant long-term
implications. The slow-moving nature of the system means that the effect of small changes can accumulate
significantly over long period.
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We show rates for historical data for the last 10 years (solid lines) and, in most cases, estimates from the
modelling for the next 10 years (dashed lines).

Public housing and AS are the two primary forms of housing support, comprising 83% of expenditure in
the last year.” Entry to the housing register and entry to receiving AS are the primary entry points into the

housing support continuum, noting that people can be on the register and receiving AS. %
Figure 4.4 shows entry rates from the whole population to: .\Q
= The public housing register Q9
= Receiving Accommodation Supplement. AQ/
Figure 4.4 - Quarterly entry rates to the register and AS &
Entry rate to the housing register Entry rate to AS - fro
(exc. transfers) population not receiving AS or @ c housmg
0.30% 1.4% (J
0.25% 1.2%
1.0%
0.20% \
0,
015% Secemcecaaas 0.8% \ J‘r.ql\,\ru\,\,“.
0.6% &

0.10% 0.4%

0.05% 0.2% ®
0.00% Q

The left-hand chart shows the steady increa e entry rate to the housing register since 2016. The rate
has close to doubled. Our modelling assunfptidns has the rate levelling off just below recent highs.
However, we know the rate has been v, &a in the past and is likely to be in the future.

@9
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2017
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The rate at which people start recei S had been in a long-term decline until 2017, after which it rose
pre-pandemic, before increasingsignificantly at the start of the pandemic.

The likelihood of a househo@n the register being housed depends on the specific circumstances of the
household, relative to o useholds on the register, and the availability of a suitable public house to
move into. Availability itself is a product of the overall supply of public houses and the rate at which people
exit public housin

In Figure 4.5, w the proportion of register households being housed each quarter. Our modelling
gn public supply broadly in line with the Government’s public housing supply intentions

assumes g %‘
for the o June 2024.8

7 https://www.hud.govt.nz/assets/Uploads/Documents/Public-housing-quarterly-report-September-2021.pdf

8 https://www.hud.govt.nz/community-and-public-housing/increasing-public-housing/public-housing-plan/
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Figure 4.5 - Proportion of register households housed each quarter
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increasing entry rate to the register and decreasing exit rates from public housin is also reflected in
official measures recording the time it takes for households on the register to b?~ ed (amongst those
that are housed in a quarter). The median time to house has increased from §0 days in September 2017 to
182 days in September 2021. é

The decreasing proportion of register households housed each quarter is primar/igl;iécrp@ct of the
h

Exits rates for tenants in public housing represent an outcome for t ehold moving out and an
opportunity for a household on the register to move into public heusihg. Hence, potential unmet need, as

reflected by the number of households on the register, is driven' oth:
= The inflow of new households on the register Q—
=  Exits from public housing. QO

The increase in the public housing register over th& st'few years is due to the combination of increased
entry rates to the public housing register and decreaSed exit rates from public housing.

In Figure 4.6, we show exit rates for under%’?ear-old and over 65-year-old primary tenants. This split
reflects the fact that most exits for over §5-year-olds are due to death, hospitalisation or movement into
some form of aged care, whereas exi under 65-year-olds tend to be driven by other factors.

Figure 4.6 — Quarterly exit rate@%mimary tenants
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Exit rates from public housing have continued a long-term downward trend. This is partly a compositional
effect, caused by a combination of compounding factors:

= Increasing levels of IRRS due to rents growing at a faster rate than incomes/benefits. Tenants who
are further away from being able to afford the private market are less likely to exit.

= Increasing average age of tenants. All else being equal, older tenants are less likely to exit. <>$
= Increasing average duration in public housing. All else being equal, the longer people have been in %\

public housing the less likely they are to exit. Q-

4.3  Future time in public housing &

The modelling produces estimates of households’ time in public housing (and on the register)& their

future lifetimes. Each year we recalibrate the model to: Q_

= Update the modelling population to the estimation date (30 September 2021) O

= Update economic and model assumptions &,

The updates to the model assumptions are informed by observed experience, i ing that illustrated in

Section 4.2. Generally, more weight is given to recent experience.

Table 4.1 shows estimates for average future years in public housing b @—level housing segments,
including segments for people not receiving housing supports. ,é

We show last year’s modelling results for comparison, plus Zowelling results as a pre-COVID-19
baseline.

The updates to the modelling population and the update@t%e assumptions impact these modelling
results.

Table 4.1 - Summarised public housing modellingﬁvﬁlts by high-level housing category

Ave. future years in
Average Age public housing

2019 2020 2021 2019 2020 2021

KP rity A 39.4 39.8 39.7 8.4 8.8 9.0
prity B and Other 43.4 44.3 45.5 5.9 6.1 6.4

Q/ Sub total 40.1 40.4 40.3 8.0 8.4 8.7
SN
\g‘ Child in the household 345 349 345 181 198 207
Les&s / IRRS > $150 o
IRRS recipients No child in the household 44.2 43.5 44 .4 16.0 16.9 17.7
) ; hild in the h hol . . X . . .
primary aged <65 QC%Ser/IRRS<$150 Cl ldl.nt-e ousehold 35.5 36.3 34.6 14.4 16.5 17.0
, No child in the household 45.0 42.7 45.4 13.2 143 15.3
Sub total 38.8 38.8 38.9 16.8 18.2 19.2
N IRRS 65+ 635 636  64.1 98 101 105
primary aged >65
Receiving AS 44.2 43.2 43.8 2.5 2.5 2.6
Rest of the -
. Not receiving AS 46.9 475 47.6 0.4 0.4 0.4
population
Sub total 46.7 47.0 47.2 0.5 0.6 0.6
Total 46.6 46.9 471 1.0 11 1.2

Note that the average ages are based on all people in public housing aged 16+, not just the primary tenant.

Average estimated future years in public housing has increased for households currently in public
housing, both over the last year and since the pre-pandemic 2019 baseline. This reflects the long-term
trend of declining exit rates and is likely to continue.
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In practical terms, this means people are estimated to spend more of their future lifetime in public
housing, with increased average lifetime IRRS payments. It also means less opportunity for households on
the register to be moved into suitable public housing quickly.

The average estimated future years in public housing has also increased for households currently on the

register. This also reflects the long-term trend of declining exit rates and the increasing proportion of the %
register that is priority A. For people on the register, the increase in average estimated future years in O
public housing is tempered somewhat by longer wait times to be housed. C\,
Year-on-year change in estimated future years on main benefit is analysed and reconciled in Section 4.4 Q—

4.3.1 Distribution of estimated future outcomes &
Figure 4.7 shows the same modelling results as Table 4.1. Q

Interquartile ranges and median averages are shown. 2020 and 2019 modelling results areQn,Z hown for
comparison.

The interquartile ranges give a good indication of the range of average future year ﬁblic housing for
different categories. For example, for the ‘Under 65, IRRS >$150, Child in Housg’ gory, 25% are
estimated to spend less than 5.5 years in public housing and 25% are estimated &?@end more than 33.25
years in public housing.

Figure 4.7 - Average future years in public housing by high—level ho ategory
0 5 v 25 30 35
On housing register - Priority A Q-é
On housing register — Priority B and Other O
Under 65, IRRS > $150, Child in House . = — —
Under 65, IRRS > §150, No Child in House m2021
02020
Under 65, IRRS < $150, Child in House
0Oz2019

Under 65, IRRS < $150, No Child 1'11Hous§<
Over 65 inHou

Rest OfPOp@I AS ;
Rest of Pau% Noton AS !

In general, th end of the quartile ranges have increased by more than lower end, reflecting a slight
widening ig e of future years in public housing.

Oth c&i outcomes

4.8 to Figure 4.14 show a range of other modelling results for a range of social outcomes, including
asures for:

Main benefit receipt
Earned income
= Being proceeded against by Police
= Use of mental health-related supports

= Enrolment in tertiary education.
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Figure 4.8 — Average future years on main benefits up to age 65 by high-level housing category

[=]

3 10 15 20 23

On housing register - Priority A "
On housing register — Priority B and Other _ - — Oi
Under 65, IRRS > $150, Child inHouse L, : i (5\'
Under 65, IRRS > $150, No Child in House m m2021 AQ/
@202
Under 65, TRRS < $150, Child in House i ———— 1, DQQ

Under 65, IRRS < $150, No Child in House

QOver 65 inHousing

UMMM S —————— J
Rest of Population on AS ﬁ' Cj
Rest of Population Not on AS ! $

Figure 4.9 — Average future years on main benefit up to age 65 by hi#Q-I¥vel housing category — Currently

on main benefit
§ 10 12 14 16 18 20

On housing register - Priority A

=]
b
W~
o

On housing register — Priority B and Other

Under 65, IRRS = $150, Child in House

Under 65, IRRS = $150, No Child in House

Under 65, IRRS < $150, Child in Hoo

s i —
oL —

opulation on AS

@r of Population Not on AS
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Figure 4.10 - Average future years on main benefit up to age 65 by high-level housing category — Currently
not on main benefit

On housing register - Priority A _
On housing register — Priority B and Other -
Under 65, IRRS = $150, Child in House _
Under 65, IRRS = $150, No Child in House _ &
Under 65, IRRS < $150, Child in House - Q
Under 65, IRRS < $150, No Child in House -
Qver 65 inHousing .
Rest of Population on AS -
N

Rest of Population Not on AS

Figure 4.11 — Average proportion of future lifetime up to age 65 &?ng below income threshold*

10% 20%, 30% 40% 30% 60%

0%

On housing register - Priority A

On housing register - Priority B and Other *

Under 65, IRRS = $150, Child in House

Under 65, IRRS = $150, No Child in House

]
Under 65, IRRS < $150, Child in Ho 2021
m 2020
Under 65, IRRS < $150, No C \2@ ———y 2019
Over Housing _
é(wopumm on x|
t of Population Not on AS _

Q@ld Earning the equivalent of at least 40 hours per week at the minimum wage (increased with average wage growth).

((/\(/(,?“
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Figure 4.12 - Proportion of people proceeded against by the police in the next 10 years

0% 3% 10% 15% 20% 25% 30% 35% 40% 45% 30%

ontousingregister - Priorys oy,
Onhousing register - Priority Band Otter ey, e .
Under 65, RRS > $150, CtildinHowse i T imm™™
Under 65, IRRS > $150, No Clild in Howse il
K(;Zl
Under 65, RRS < $150, ChildinHowse il Luadao
; 2019
Under 65, IRRS < $150, No Child in House _ Q‘
Over 65 inHousing - &
RestofPopulstononss i  m™™™ ?i‘
Rest of Population Not on AS _ O

Figure 4.13 - Proportion of people accessing mental health-rel e?upports in the next 10 years
0% 10% 20% g '

On housing register - Priority A

On housing register — Priority B and Other
Under 65, IRRS = $150, Child in House
Under 65, IRRS = $150, No Child in House

m2021

Under 65, IRRS < $150, Child in Housg 12020

Under 65, IRRS < $150, No Child i @e

Over@using

s Fren s ——

* Me, ealth and addiction service events as defined by the Social Wellbeing Agency (excluding potential pharmaceuticals)
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Figure 4.14 — Proportion of people enrolled in in tertiary education in the next 10 years

0% 10% 20% 30% 40% 30% 60%
On housing register - Priority A
On housing register — Priority B and Other O%
Under 65, IRRS > $150, Child in House @\
Q-

Under 65, IRRS = $150, No Child in House A%
Under 65, IRRS < $150, Child in House Q&
Under 65, IRRS < $150, No Child in House Q-Q 2021

QOver 65 inHousing
&’ 2019

Rest of Population on AS (J
Rest of Population Not on AS %

* Tertiary education = Education at a Tertiary Education Organisation or Industry Traini; isation

These charts highlight information about the distribution of outc s and how that has changed year-on-
year. Some key point to note: é

= The proportion of time people are estimated to spen Q‘Hng less than a minimum wage threshold
has decreased since the 2020 modelling across all gries (this was also the case for results by high-
level benefit category - see Figure 3.15). We ha investigated the drivers of this change, but it
implies a positive change in terms of lower-en ges.

= Priority A people on the register are mu re likely than other categories to be proceeded against by
the police in the next 10 years - 44% is category compared with less than 30% for most other
categories.

= Priority A people on the regis ge also more likely to access mental health-related supports in the
next 10 years — 54% for this ory compared with 27% for people not accessing housing supports.

= Collectively, outcome @riority A people on the register imply their need for support may extend
beyond just housin skport.
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4.4  Analysis of change

Similar to Section 3.6 for the benefit system, we have performed an analysis of change to break the year-
on-year change in modelling results down into contributing factors.

In Figure 4.15 , we show a system view analysis of change. It considers total future years in public housing %
for the population of people in public housing at 30 September. \()
Figure 4.15 - 2020/2021 analysis of change — All people in public housing or on the register at 30 Q%

September Q/
18 A
17 v

+0.05

16 ?“
15 &\

v
3 16.6 OQ-®
N

13

17.4

Average estimated future yearsin public housing

2020 result Use actué Roll forward Update client Update Recognition of 2021 result
ecou cohort economics experience

%

Overall, there has bee }ﬁerate increase in the average estimated future years in public housing, from
16.6 years at 30 Se;ér-nb r 2020 to 17.4 years at 30 September 2021. The analysis of changes highlights

12

that:

=  We anti n increase (‘Roll forward’ step) due to expected continuation in the long-term
%trends for average tenant age, duration and IRRS payment.

incre
. w;er, these trends did not continue to the same extent as anticipated over the year to 30
tember 2021. So, the ‘Roll forward’ step was largely cancelled out by the ‘Update client cohort’ step,
.65 years vs. -0.54 years.

The impact of incorporating the lower exit rate experience (highlighted in Figure 4.6) into the
Q/ modelling assumptions increased average estimated future years in public housing by about 0.6 years

@’ (‘Recognition of experience’ step). There were other minor assumption changes that contributed to
Q. this step.
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5 Alternative scenarios

Key points from this chapter

= If, for the next five years, the rate at which JS-WR and SPS clients leave the benefit system is 20% Os
higher, and the rate at which these exits re-enter the benefit system is 20% lower, than compared to \
the base modelling results, estimates show:

— 14,400 fewer JS-WR clients by 30 September 2026, of which 10,000 (or 69%) relates to clients Q/z
with greater than one year of benefit duration A

— 2,800 fewer SPS clients by 30 September 2026, of which 2,500 (or 91%) relates to clientéﬁh
greater than one year of benefit duration.

The assumptions underpinning this scenario are broadly consistent with pre-2017 e Q‘E’nce. The
scenario has been produced for illustrative purposes only. /6

= The sustainability of exits is also improved by the reduced re-entry rates, withrtheé\estimated

proportion of: ?\

— JS-WR exits sustained for at least four quarters increasing by 5-@

—  SPS exits sustained for at least four quarters increasing by 5-

number of clients with greater than one year of benefit d . They imply a lower number of people

=  Overall, these differences are significant in the context of tOSa ient numbers. Particularly the
requiring long-term main benefit support and improve@c me/material wellbeing for some.

A\
The COVID-19 pandemic means there is more unce y about future estimates of people’s outcomes
than in 2019 and previous years. Particularly wit ect to benefit receipt. Relationships between benefit

number of main benefit clients is much hi: n the historical relationship between the number of
main benefit clients and the unemploy. e would suggest. The modelling adjusts for this, but
without historical data to inform the jefstments, results in greater uncertainty.

receipt and key labour market indicators have Ehan ed, in the short-term at least. In particular, the
t

We have modelled three alternati narios to the base scenario that underpins the results described in
Sections 3 and 4. The alternati narios vary the assumed exit and re-entry rates for JS-WR and SPS
clients over the next five ye%to illustrate the potential impact if experience was to vary from the base
assumption in this way.

Table 5.1 describes th(e,&ernative scenarios compared to the base scenario.

Table 5.1 - De}@on of scenarios

S@Ya Description
D

lternative 1 Rates of exiting the benefit system for JS-WR and SPS clients scaled up
& by 20% for the 5 years to 30 September 2026

2)

Rates of re-entry for clients estimated to exit the benefit system after 30

Alternative 2 September 2021 scaled down by 20% for the 5 years to 30 September
2026
Alternative 3 Alternative 1 and Alternative 2 combined

The alternative scenarios are intended to be plausible scenarios and are broadly consistent with pre-2017
experience.
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5.1 Modelling results

We show a range of results in Figures 5.1 to Figures 5.5, to demonstrate how the alternative scenarios
impact client counts over the ten years to 30 September 2031.

Figures 5.1 — Estimated client counts over ten years to 30 September 2031 :$
Number of JS-WR clients Number of SPS clients 6\'
80k 2
125k
75k
115k
105k 70k
95Kk 65k
85k . 60k &
75k 55k s
— ol o <H %) 0 O~ [+s] o (=] byl ™~ o =H s} O~ [e2] [} (=]
[ o~ ol ™~ [ o~ [ o~ o~ o ™ o~ ol o~ o~ ™ ™~ =] o
S s 8s8ggsg s:8:z38%s g8 gcs
—— Base == == Scenario 1 —B% == == Scenario 1l
= == == Scenario 2 eeeeeeScenario3 ---@nan’oz seeeee Scenario 3

&ewer in scenario 1, 2,900 fewer in

mpared to the base scenario). Similarly,
ts in scenario 1, 1,200 fewer in scenario 2

The impact on the number of JS-WR clients is significant, with 11/
scenario 2 and 14,400 fewer in scenario 3 at 30 September 20
for SPS clients, by 30 September 2026, there are 1,600 few
and 2,800 fewer in scenario 3. Also note that:

= Beyond the period that the adjustments to exit @—entry rates have been made for the alternative
scenarios (30 September 2026), the client cou tart to revert back towards the base scenario. The
gap to the base scenario will continue to cheyond the period covered in the charts.

= The gap to the base scenario would cofitiriue to grow beyond 30 September 2026 if the adjustments to
exit and re-entry rates continued %@ this date. Eventually the base and three alternative scenario
lines would approach long-ter e levels (seasonality aside). Hence the gaps would reach long-
term stable levels i.e. they w n’t continue increasing indefinitely.

= Relative to the impact o exit rates, the impact of lower re-entry rates is greater for SPS clients.
This is because SPS e}xz\ s are relatively low (about 4.5% per quarter) and so scaling up SPS exit
rates has less effe lient numbers.

= The additive e?shown in scenario 3 is relatively small i.e. the difference between scenario 3 and
scenario 1 isSsifntlar to the difference between scenario 2 and the base scenario.
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Figures 5.2 — Estimated client counts over ten years to 30 September 2031 - clients with greater than one
year benefit duration

Number of clients with duration greater than one ~ Number of clients with duration greater than one

year — JS-WR year — SPS s
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—— Base == == Scenario 1 — Base == == Scenario 1l
= == == Scenario 2 eeeeeeScenario3 = == == Scenario 2 (j eeeeeeScenario3
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Figures 5.2 look similar to Figures 5.1. The key point is that most of the decreases shown in Figures 5.1 is in
clients with greater than one year of benefit duration. For example, 69% of the difference between scenario
3 and the base scenario at 30 September 2026 shown for JS-WR in Figures 5.1 relates to clients with greater
than one year of benefit duration (10,000 of 14,400 people).

The equivalent figure for SPS is 91% (2,500 of 2,800 people). <>$

Figures 5.3 - Proportion of exits estimated to be sustained for at least four quarters

Proportion of SPS exits over five
years to 30 September 2026 that are
sustained for at least one four quart

Proportion of JS-WR exits over five
years to 30 September 2026 that are
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Figures 5.3 show that there is a significant increase i Qt ustainability from a reduced re-entry rate
(scenarios 2 and 3), as you would expect. The upli timated proportion of exits sustained for at least
four quarters is 6-7% for JS-WR and 5-7% for SPS.
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Figures 5.4 — Estimated clie&tj
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Figures 5.4 looks at how many of the people who were on JS-WR or SPS at 30 September 2021 are
estimated to be on main benefit over the period to 30 September 2031. The wide y-axis scale masks the
differences between the scenarios somewhat. However, at 30 September 2026:

= The difference between scenario 3 and the base scenario for JS-WR is 6,000 people

= The difference between scenario 3 and the base scenario for SPS is 2,800 people. Note that this is %
actually slightly more than the difference between scenario 3 and the base scenario in Figures 5.1. This \()
occurs because in the base scenario some SPS clients at 30 September 2021 are estimated to be on

other benefits in the future. Qg-

Figures 5.5 - Estimated proportion of people earning over the income threshold*

People who were JS-WR clients at 30 Sep 2021 People who were SPS clients at 30 Se@l
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* Threshold = 52 weeks at 40 hours per week at the minimum wa, ased with average wage growth) - $41,600 in 2021.

the future. The differences between the alt e and base scenarios in the proportion of people
estimated to earn over the income threshol small. For example, for people who were JS-WR clients at
30 September 2021, 24.1% are estima arn more than the income threshold in the quarter to 30
September 2026 in the base scena Q’h s compares to 26.2% for scenario 3. So, while the scenarios
suggest a large impact on clientg§bers, very few of the extra people estimated to be off benefit in the
future, are estimated to earn,ab the income threshold.

Figures 5.5 show the estimated proportion of ;ople earning over a minimum wage income threshold in
e

Collectively these charts the significant estimated impact of these plausible scenarios on clients
counts and exit sustaidability. Particularly for clients with more than one year of benefit duration.
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Appendix A Glossary

The following table gives definitions for common acronyms used in this report.

Term Definition O$

AS Accommodation Supplement (and related assistance) 6\'

Earned income Taxable income earned from: AQ/

— Wages & Salaries &

— ACC weekly compensation
— Student Allowance Q_v
— Withholding payments

— Paid parental leave C,}

— Self-employed, partnership and company inco&“

GFC Global Financial Crisis \()

HCD Health condition, disability (sub-set of bo ,SbSeeker Support clients with
reduced work obligations and Supporte@\Living Payment clients)

HYEFU Half-year Economic and Fiscal U@%

IDI Integrated Data Infrastruct Q1'esearch database containing microdata about
people and households from, 2 range of government agencies, surveys and non-

government organis tm@
Income threshold Incomein a qua@quivalent to the minimum wage for 40 hours per week

IRRS Income R% Rent Subsidy - a top-up payment to housing providers to bridge
the diff@ between the income-related rent a client pays and the full rent for
a public fouse

JS ,ﬁ eeker Support - benefit type introduced in 2013 (replacing the
employment benefit and sickness benefit, and partially replacing the Domestic

u
Qg' Purposes Benefit)

Mental h Mental health and addiction service events as defined by the Social Wellbeing
related stpports Agency. Source code for the definition is available at https://github.com/nz-
Q/: On advice from the Ministry of Health pharmaceuticals labelled in the definition
% as ‘potential’ have been removed.
Q/ MSD Ministry of Social Development

NOMB Not supported by a main benefit but still receiving some benefit system support -
supplementary benefits and/or Orphan’s Benefit

PH Public housing
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Term Definition

Police proceeding An event on which police initiate a legal action against a person

Prioritised ethnic Ethnic group based on the SNZ source ranked ethnicity in the IDI. Where a
group person is indicated as associating with multiple ethnicities, a single ethnicity is
chosen based on the following priority order: Maori, Pacific Peoples, Asian,

Other, European

Recent exit A client who is currently not receiving a benefit but has done in the last 12
months &

SLP Supported Living Payment - benefit type introduced in 2013 (replaci
invalid’s benefit and domestic purposes benefit - care of sick and i )

SPS Sole Parent Support — benefit type introduced in 2013 (partially’replacing the

domestic purposes benefit)

managed by Kainga Ora or a Community Housi

o

ider. We usually refer to

Tenant Clients are sometimes referred to as tenants where tgey Eeside in a property

tenants aged 16+.

Tertiary education =~ Education at a tertiary education pro

Y
v@industry training provider

WR Work-ready (sub-set of IobSeeke&onrt clients with work obligations)

YP Youth Payment EQ

YPP Young Parent Paymen\
N\~

X

Q
S
AD
&
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Appendix B Analysis of change by main benefit category

Figure B.1 — Average estimated future time on main benefit up to age 65 - JS-WR clients at 30 September
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Figure B.2 - Average estimated future time on{:%beneﬁt up to age 65 - JS-HCD clients at 30 September

12 ’\?‘
L

12.0

"
=
00

&
2,
&

O?o

11.8

Average Future Years on Main Benefit

10.8
10.4
2020 result Use actual Roll forward Update client Update Recognition of 2021 result
economics cohort economics eXperience
Ministry of Social Development TAYLOR FRY 56

Social Outcomes Modelling - 2021 Results



IN-CONFIDENCE

Figure B.3 — Average estimated future time on main benefit up to age 65 - SPS clients at 30 September
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Figure B.4 — Average estimated future time on main b p to age 65 - SLP clients at 30 September
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Figure B.5 — Average estimated future time on main benefit up to age 65 - Clients on supplementary
benefits only at 30 September
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Figure B.6 — Average estimated future time on main fit up to age 65 - Recent exits at 30 September
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Appendix C Modelling approach summary
This summary is a copy of chapter 2 from the technical report’®. Further detail on the modelling approach

can be found in that report.

We give an overview of the model in non-technical terms, answering core questions: O$
= What is the model? %\'

=  What does the model do? Q/Q'

= What outcomes does the model estimate? A

= How does the model work? Q&

=  What does the model not do? Q ?“

C.1 What is the model? &

The term ‘model’ is broadly used to describe physical, mathematical and conceé{models. This model is
a mathematical model. Many definitions of a ‘mathematical model’ centre onthe notion of imitation or
simulation i.e. a model imitates or simulates a real-world situation, ofte '$s1mpliﬁed way because the
‘situation’ being modelled is complex. In this sense, a model (includi é@ one) might be described as a

‘simplification of reality’.
Key aspects of the modelling framework for this project are: &
N

= The population being modelled - In this case, New Z
people entering this population over the nextteny,

Z) residents aged 16 or older, and

= The future outcomes that are being modelled > ection C.3.

= The time horizon over which the future ou&o/m s are being modelled - In this case, people’s future

lifetime. v

= The historical data — Used to understang’the correlative relationships between variables (or
combinations of variables) and &Qture outcomes being modelled. Variables may be characteristics
(e.g. demographics), relate to s (e.g. experience of the modelled outcomes in the past) or be
environmental (e.g. measu labour market conditions). Understanding the correlative
relationships informs tl%onstruction of the mathematical equations that define the model, and the
ions.

parameters for the,@\

= Assumptions — The thodel is underpinned by a range of assumptions which are either implied by the
constructio Q'parameterisation of the mathematical equations, or explicitly made. Explicit
assumpti lQk«te to variables that the model does not estimate but are built into model because they
are im ﬁt for estimating future outcomes, e.g. the future unemployment rate as a measure of
fut@ur market conditions.

%é/ What does the model do?
?4 section C.1 we referred to the model as an estimation of future outcomes for a defined population (over

16-year-old NZ residents) over a defined time horizon (people’s lifetimes). It does this by estimating
people’s status in relation to these outcomes (and other associated characteristics and outcomes) over each
quarter-year period in the future. This is indicatively shown in figure C.1 below:

= For one person — a full model run produces estimates for all NZ residents aged 16 and over.

? Social Outcomes Modelling 2021 - Technical Report
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= Over 14 quarters — a full model run covers all people’s future lifetimes and so runs for about 400
quarters.

= Inrespect of four outcomes - other outcomes are estimated by the model.

Figure C.1 - Estimated pathways %

3 3 8 8 3 5 8 8 3 5 &8 38 3 3 (9\'
Welfare b b db dib b diub dab. didb ¢ Q-
Justice LRl elabl Bl Rl LA AR
Income LRl B Bl Bl L s
Housing [_le [+[e [+[e [ve [+[e [+e [s[e |[+le |/
Justice Welfare Housing
A Offence % JS-WR ® Register % $ Earned income
A Custodial sentence % JS-HCD ® In publi g $ Working for families
A Community sentence % SLP ?&"% S NZSuper

benefit payments are modelled for those in receipt of a b and Income Related Rent Subsidies paid to

Where relevant, estimated cash flows are modelled in relati future estimated outcomes. For example,
public housing providers are modelled for people in p Eﬁousing.

In addition to estimating outcomes for the presen@dult population, the model also estimates
outcomes for those entering the population ov@ ext 10 years. Population entry may happen in two
ways:

= Ageing-in: children are considered &er the adult population in the quarter in which they turn 16.
We use estimated output from t Oranga Tamariki children’s model.

=  Migration: Both children a ults may enter the population via migration (which includes returning
New Zealanders as well as gn nationals).

Once in the population, Q&es for new entrants are estimated in the same manner as those in the
present population.

C.3 W tcomes does the model estimate?

The mo@mates alarge range of outcomes:
efit receipt - This covers the incidence of benefit receipt and the associated payments. Benefit

. n
@ipt is categorised into main benefit categories and supplementary assistance.

% Other benefit receipt characteristics — These include, but are not limited to, partnered status,

Qy“ existence and age of children, and incapacity coding for health-related benefits.

NG
&

= Public housing - This covers entry to the public housing register and associated prioritisation rating,
movement off the register (either into public housing or otherwise), Income Related Rent Subsidy, exit
from public housing, size and location of house allocated, and future dissolution of households
currently in public housing.

= Income - This covers personal income, Working for Families (WFF) tax credits and NZ
superannuation. The primary industry from which personal income is earned is indicated.

Ministry of Social Development TAYLOR FRY 60
Social Outcomes Modelling - 2021 Results



N
N/
&

IN-CONFIDENCE

= Justice activity — This covers number and type of offences committed as well as community and
custodial sentences managed by the Department of Corrections.

= Education - This covers secondary and tertiary enrolment in the quarter, secondary attainment, total
days of any suspensions or stand downs at secondary school, highest New Zealand Qualification
Framework (NZQF) level enrolled and attained at tertiary. %

=  Child and protection (CNP) and Youth Justice (Y]J) - This covers the highest level of either type of .\
intervention as well as the total number of days spent in placements.

= Health - this covers mental health and addiction pharmaceutical, specialist community and spec1al%2
inpatient events, acute hospital discharges and mortality.

Most of these outcomes relate to specific indicators within the interim wellbeing framework or this

= Location - this covers the region/TLA/Auckland board where an individual resides. 5&
project.

Q.
Q
C.4 How does the model work? C’}

Figure C.1 highlighted how the model estimates outcomes at each quarterly tim&step.

Referring to the model as a ‘model’, implies that it is single model. In farQ’% made up of over 200
individual models. Each of these individual models plays a specific pargih=the overall modelling construct.
Some relate to how a person moves between different outcome st t‘&m one quarter to the nexte.g.
benefit state. Some relate to the evolution of other modelled ou &?s e.g. personal income. Others relate
to cash flows associated with particular outcomes e.g. benefj ent given an individual is estimated to
be receiving a benefit in a quarter. Q(

r

The vast majority of the models fall into the broad ca y known as regression models, which means
they estimate one variable based on other VariablexS remainder of the models are probability table
models that attach probabilities to different outcom

The models are pulled together in what w o as the ‘projection code’. Many of the variables that each
individual model relies upon are themse@ odelled variables. For example, the models relating to
transitioning between benefit states ne quarter to the next depend on, say, corrections activity
variables which, in turn, are upda ch quarter. The projection code runs each model in a set sequence
for a future quarter, before mo nto the next quarter and repeating the sequence based on the updated
variables. For this reason, all modelling construct is sometimes referred to as a ‘chained
regression model’: it cha i’ ther regression models over a series of future time steps (in this case
quarters).

C.5 W <i-model does not do?

The mod t a causal inference model. By this, we mean that the model does not attempt to determine
the cau ctors relating to different outcomes. Rather, the model is a predictive model, and thus seeks to

det

ine factors that are correlated with outcomes. This difference is important. For example, a key

of previous work is that long-term dependence on welfare is highly correlated with those who first

ive benefits when under twenty years of age. So, age of first benefit is highly predictive of lengthy
pells supported by benefit. However, it cannot be concluded that this is the cause of these spells.

Nevertheless, knowledge about correlations and relationships between certain characteristics and

outcomes is valuable information for policy and programme design and monitoring.

The model is based on simulating individual pathways through various welfare and housing states
(including not receiving any benefit/assistance) as well as other characteristics (family information,
education, income, corrections sentences etc) over their lifetimes. There are many possible pathways from
the modelling date to time of death, so the exact pathway is very uncertain. Results for any particular
individual reflect the average for people with similar characteristics and are not intended to be an accurate
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prediction of that individual person’s future pathway. Results, therefore, should be considered for
segments of the population, rather than at an individual level.
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